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Abstract

This research investigates the adoption of the Merdeka Mengajar application using the Unified Theory of Acceptance and Use
of Technology 2 (UTAUT2) framework. The study aims to identify the factors influencing teachers' behavioral intentions and
usage behavior regarding this educational technology platform. A total of 383 teachers from various levels in Malang were
sampled from a broader population of 8,936. Statistical analysis uses SEM (Structural Equation Modelling) analysis techniques.
The findings suggest that performance expectancy, effort expectancy, social influence, hedonic motivation, and price value
significantly influence behavioral intention. However, facilitating conditions and habit do not show a direct significant impact
on use behavior. These results indicate that while technological support such as infrastructure and internet access is necessary,
it alone may not be enough to motivate consistent usage without internal factors like perceived usefulness or enjoyment of the
app. Moreover, the habitual use of new technology may require additional support and time before it can significantly affect
behavior. This study contributes valuable insights into the adoption of educational technologies, especially in the Indonesian
context, where digital learning platforms are increasingly being integrated into teaching practices. Future research may explore
how ongoing support and user experience improvements can further enhance the app's adoption.
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L. INTRODUCTION through the Merdeka Belajar programme, which tries to
integrate information technology in the learning process.

This study is motivated by the important role of technology
in improving the effectiveness of education, especially through
digital applications such as Merdeka Mengajar App designed
by the Indonesian government. Although the application has
been introduced as a tool to support learning, no research has
specifically examined the factors that influence the acceptance
and use of this application by teachers and principals.
Therefore, this study aims to utilise the Unified Theory of
Acceptance and Use of Technology 2 (UTAUT2) model to
more accurately describe the factors that influence the
acceptance and use of Merdeka Mengajar App in the context
of education in Indonesia.

UTAUT 2 has been used in a variety of recent studies on
technology acceptance in various contexts, including mobile
applications and e-learning. This shows this model in

The education system in Indonesia, including in Malang
City, is currently undergoing a significant transformation.
Experience during the pandemic has highlighted the
importance of distance learning and technology in facilitating
effective and inclusive learning processes [1], [2]. The use of
information technology in education has had a significant
impact, both in facilitating distance learning during the
COVID-19 pandemic and improving the quality of learning by
providing access to more extensive and interactive educational
resources. [3], [4]. Currently, there are still challenges such as
disparities between education in urban and rural areas, and
between public and private schools. [5], [6]. The Indonesian
government has made various efforts to improve the
accessibility and quality of education. One of these efforts is
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measuring technology acceptance in platforms such as
Merdeka Mengajar [7]. UTAUT 2 is very suitable for use in
contexts where individual users are the target of analysis, such
as the Merdeka Mengajar application users who are mostly
teachers. Users of this application are individuals who adopt
technology based on their personal preferences, making
UTAUT 2 relevant [8].

This research has an urgency in exploring the effectiveness
of the Unified Theory of Acceptance and Use of Technology 2
(UTAUT?2) Model in the context of accepting the Merdeka
Mengajar Application. Merdeka Mengajar application aims to
improve the quality of education in Indonesia through the
integration of technology in learning. However, no research
has specifically explored the extent to which the UTAUT2
model can describe the factors that influence the acceptance of
this application by users. UTAUT2 is specifically designed to
explain the behavior of technology acceptance and use, so it is
very relevant for use in research on the acceptance of
educational applications such as Merdeka Mengajar App. This
model can assist in understanding the factors that influence the
adoption of educational technology and provide valuable
insights for the development of more effective educational
applications. [9], [10], [11], [12], [13].

The UTAUT 2 model has become a significant theoretical
basis for understanding technology acceptance. However, the
novelty of this research lies in its specific application in the
context of the ‘Merdeka Mengajar’ application, which is still
relatively new. By combining proven theoretical concepts with
local contexts, this research is expected to provide new and
relevant insights for the development of educational
technology in Indonesia, along with the government's efforts
to realise inclusive, innovative, and Merdeka education.

UTAUT model (Figure 1), designed to explain the
acceptance and use of technology by individual consumers
[14]. Introduced by Venkatesh et al. in 2012, UTAUT 2 adds
three new constructs to the original model: Hedonic
Motivation (HM), Price Value (PV), and Habit (H). It builds
on the original core constructs like Performance Expectancy
(PE), Effort Expectancy (EE), Social Influence (SI), and
Facilitating Conditions (FC) but adapts these factors to better
capture the nuances of individual consumer behavior, rather
than just workplace or organizational settings.

UTAUT 2 highlights how user motivations such as
enjoyment (hedonic motivation) and perceived value for
money (price value) play critical roles in technology adoption
[13]. Additionally, habit—how frequently a technology is used
over time—becomes a significant predictor of future
technology use. UTAUT 2 is widely used in studies examining
consumer adoption of mobile services, apps, and other
technologies across various sectors, providing a
comprehensive understanding of the factors that influence
individual behavior in technology usage.

Performance
Expectancy (PE)

Effort
Expectancy (EE)

Behavioural
Intention (Bl)

Use
Behaviour (UB)

Social Influence
(s1)

Facilitating
Conditions (FC)

Price Value

Hedonic
Motivation (HM) (PV)

Habit (HT)

Figure 1. Model of UTAUT 2

Several previous studies have been reviewed to support this
research theoretically. PE, SI and PV are proven to affect the
BI of using Home Digital Service in Surabaya. This study
investigates factors in the Modified UTAUT 2 model affecting
prospective users' intentions to adopt PT Telkom’s Home
Digital Services in Surabaya. Key findings show that
constructs like hedonic motivation, social influence, price
value, and facilitating conditions positively influence
behavioral intention, with moderating effects from age and
gender [15]. SI, H, and PV affect BI on the use of shopee e-
commerce [16]. Meanwhile, FC affects the UB of using shopee
[16]. This paper investigates the factors influencing customer
behavior towards e-commerce, specifically Shopee users in
Palembang. Using the UTAUT 2 model, the research
highlights that habit and social influence significantly affect
the behavioral intention of Shopee users. The study also found
that facilitating conditions positively influence use behavior,
providing valuable insights into how customer experience and
interaction with technology shape their adoption patterns in the
e-commerce space. PE, EE, SI, HM, PV, and H are proven to
affect the use of BI in the adoption of Telkomsel Cash
electronic money services. Meanwhile, UB on Telkomsel Cash
electronic money services is influenced by habit and BI [17].
The main research findings of this paper reveal that habit has
the most significant positive impact on both behavioral
intention and use behavior in the adoption of Telkomsel Cash
electronic money services. The study, using the UTAUT 2
model, found that other factors such as performance
expectancy, effort expectancy, social influence, hedonic
motivation, and price value also have a positive and significant
impact on behavioral intention. However, facilitating
condition does not significantly influence behavioral intention
or use behavior in this context. Seven dependent variables
from UTAUT 2 affect behavioural intention on the use of the
teacher's room application. [18]. This study highlights the
importance of ease of use, social recommendations, and user
enjoyment in shaping the behavioral intention to adopt the
Ruang Guru app. The findings suggest that improving these
variables can increase the app's adoption and sustained use
among students. As for the variable behavioural intention
effect on use behavioural can be seen in the analysis of the use
of e-money technology in Denpasar city [19]. This paper
focuses on identifying the factors that influence the intention
and behavior of e-money usage in Denpasar. Using the
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UTAUT2 model, the study found that facilitating conditions,
hedonic motivation, and price value significantly influence the
intention to use e-money. In contrast, performance expectancy,
effort expectancy, and social influence did not have a
significant impact on behavioral intention. Additionally, the
research reveals that habit and behavioral intention are the
main drivers of e-money usage behavior, while facilitating
conditions did not have a direct effect on usage behavior.
Meanwhile, to see the effect of facilitating conditions on
behavioral intention and use behaviour, it can be seen in the
analysis of the use of SIORTU technology [20]. This research
reveals that performance expectancy and facilitating
conditions have a significant positive influence on the
behavioral intention to use SIORTU (Sistem Informasi Orang
Tua). These factors also influence actual usage behavior
through behavioral intention. Other factors like effort
expectancy, social influence, and habit show positive but not
significant impacts on behavioral intention and usage
behavior. This suggests that users' perceptions of the system's
performance and the availability of support facilities are key
drivers for the adoption of SIORTU. The research also
highlights that while users may find the system beneficial and
well-supported, ease of use and social influences play a less
critical role in their decision to use the system. Furthermore,
the study confirms that behavioral intention positively and
significantly impacts actual usage behavior, indicating that
once users form a positive intention, they are more likely to use
the system regularly.

II. RESEARCH METHODS

This research is a type of explanatory research, because it
is in accordance with the objectives to be achieved in this
study, namely analysing and explaining the relationship
between several research variables and testing previously
established hypotheses to analyse technology acceptance for
users of the Merdeka Mengajar application. Figure 2 is a
research flow.

Start Literature Review |—)| Problem Statement I

Research Framework Development

Data Acquisition
Operational

Construction Vanable Definttion

Research Model
Beliability Testing

Validity and I

—_—

Discussion

Closing Statement Hypotheses Testing

Figure 2. Research Flow

This study will use the UTAUT 2 conceptual framework
which includes Performance Expectancy (PE), Effort
Expectancy (EE), Social Influence (SI), Facilitating
Conditions (FC), Hedonic Motivation (HM), Price Value (PV),
Habit (H), Behavioral Intention (BI) and Use Behavior UB. PE
can be identified as the extent to which users can how useful
and profitable the Merdeka teaching application is. [21]. EE is
the level of comfort and usability that users feel when using
the Merdeka teaching platform. [22]. SI is peer encouragement
to participate in the independent teaching platform. FC
addresses the availability of infrastructure. HM is the
enjoyment that results from the use of technology [23]. PV is
the causal relationship between the costs used and the
perceived benefits. H is the extent to which users access the
application automatically. BI is the user's willingness or
interest in using the independent teaching platform. All
variables are used to measure UB, which means the behavior
of users of the Merdeka Mengajar platform application. The
following is a description of the research process:

1. Research Initiation

At this stage, the process of formulating research problems

and searching for literature used for the process of

formulating research problems is carried out. the
researcher reviews a number of previous studies to find
research gaps so as to define the problem.

2. Data Acquisition

There are two types of data used in this study, namely

primary data and secondary data. Primary data is obtained

directly from users of the Merdeka Mengajar application,
while secondary data is taken from the literature on the

Merdeka Mengajar application website. Primary data in

this study is in the form of a questionnaire that must be

filled out by research respondents and adjusted to the
research model used. At this stage, the number of research
samples used for the data processing process is also

determined, where the number of research samples is 383

respondents. This number is determined from the

population of vocational school, elementary, junior and

senior high school teachers in Malang city, namely 8,936

people. [24], [25], [26], then calculated with the Slovin

formula.
3. Research Framework Development

UTAUT integrates key constructs from earlier models like

the Technology Acceptance Model (TAM), Theory of

Planned Behavior (TPB), and Innovation Diffusion

Theory (IDT), among others. This offers a comprehensive

view of the factors that influence technology acceptance

and use, encompassing not only individual attitudes but
also social and organizational factors. UTAUT is often
extended or modified to suit specific research contexts.

UTAUT2, an extension of the original model, includes

additional constructs like hedonic motivation, price value,

and habit, making it more suitable for consumer contexts.

This adaptability has made UTAUT a versatile tool for

researchers exploring both organizational and consumer

adoption of technology [27]. Based on the UTAUT 2

model used, there are several hypotheses formulated to

answer the problems in this study, namely: (H1) PE has a
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significant positive effect on BI; (H2) EE affects the BI of Var. Definition Indicator Item
users of the Merdeka Mengajar platform application; (H3)

ili ilability X4.1
SI has a significant influence on BI; (H4) FC has a Eac111ta Usfers feel that thde Availability 222
significant influence on BI; (H5) HM has a significant ‘zljng di mn rgsgucmre aMn gesli)urces of resources x4 2
influence on BI; (H6) PV has a significant influence on BI; -ondi neede ‘to use vierdeka
tions Mengajar application are  Technical

(H7) Habit has a significant influence on behavioral
intention; (H8) Behavioral Intention has a significant
influence on use behavior; (H9) Facilitating Condition has
a significant influence on use behavior; (H10) Habit has a
significant influence on use behavior (Figure 3).

(X4) available and adequate [30] Support X4.3

User X5.1

Users feel pleasure or satisfaction x5

satisfaction when using

}[\i/g:l(\;? 5) Merdeka Mengajar E;ljoyment
Xpectancy . . O
i N application [22] X5.3

Hedonic

N interacting
\\m with apps
- Hz\\\ The expenses incurred to Price X6.1
"\ H \\\ Price use Merdeka Mengajar compatibili
— R Value application are comparable p h
s (X6) to the benefits obtained ty wit X6.2
benefits

[30]

Frequency X7.1

Habit refers to the tendency
of app usage x7.2

of users to use Merdeka

Habit . o
(X.7) Mengajar application as I .
‘ part of their daily routine. ~'tegration
[32] of apps into X7.3
Figure 3. Conceptual Framework routine
In order to make it easier for researchers to equalise Y11
perceptions regarding the definition of each variable, it is . . Continuity
. . . . Users intend to continue Y1.2
necessary to define operational variablesThe operational Behavio . . .
.. . . . using Merdeka Mengajar
definition of variables is a determinant and way of ral Inten application in the future
assessing the variables in research [28], [29]. The tion (Y1) [gg] Recommend
follgwing is an operationgl description of the variables ation of apps Y1.3
carried out by researchers in Table 1. to others
Table 1. Operational Variable Definition Use . User intqnsity in using Frequency ZI.1
Var. Definition Indicator Item Behavior information technology B 715
(Z1) [33] Facility :
Perfor  USers feel that Merdeka ~ APPS X1.1
mance Mengajar will increase Effectivity ) )
their effectiveness and X1.2 4. Discussions . ) )
Expectan efficiency in carrving out ~ USer’s ) After processing the data and testing the hypothesis, the
cy (X1) oy e Productivit results can be analyzed and concluded, some of the data
teaching tasks [30] roductivity 1 3 . natyz .. D .
) analysis determined is descriptive statistical analysis and
Effort The level of ease felt by X2.1 inferer}tia}l stat.istical anqusis. Descriptive statistical
Exomctan USCTS in using Merdeka Ease of Use X2.2 analy51§ is carried out by 1nterpret1ng the rgsults of data
p Mengajar application [30], processing through a frequency .d.lstrlbutlon table of
cy (X2) [31] X233 respondents' answers to reveal empirical data, namely the
) average value and percentage of each respondent's answer.
Support X3.1 While inferential statistical analysis uses SEM (Structural
from work Equation Modelling) analysis techniques.
. Users feel that the people  partner X3.2
Social
Influence around them support the —
(X3) use of Merdeka Mengajar ~ Positive X3.3 ITI1. RESULT AND DISCUSSION
lication [30 ti B . . oy
application [30] I;g;lep on Data collection was carried out spread across 5 sub-districts
- X3.4 in Malang City. The Figure 4 is the results of the distribution
supervisor !
of respondents based on where the respondents live.
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Figure 4. Distribution of Respondents

This research has carried out correlation calculations using
SmartPLS software with a sample size of 383 people. There
are two measurement models used in PLS (Partial Least
Square), namely the outer model and the inner model. Outer
model is a measurement to assess the validity and reliability of
the model through the algorithm iteration process. There are
two types of validity tests in PLS, namely convergent validity
and discriminant validity. Meanwhile, there are also two
reliability tests in PLS, namely Cronbach alpha assessment and
composite reliability. The Table 2 will explain more about the
outer model in the results of this study.

Table 2. The Result of Validity and Realibiliy Test

Cronbach's rho A Composite AVE
Alpha Reliability
X1 (PE) 0.773  0.781 0.869  0.689
X2 (EE) 0.734  0.741 0.850  0.654
X3 (SI) 0.772  0.780 0.854  0.594
X4 (FC) 0.738  0.753 0.850  0.654
X5 (HM) 0.819  0.821 0.892  0.734
X6 (PV) 0.718  0.722 0.876  0.779
X7 (H) 0.830  0.837 0.899  0.748
Y1(BI) 0.797  0.797 0.881 0.712
Z1 (UB) 0.731 0.731 0.881 0.788

The AVE value in Partial Least Square (PLS) is
determined to be above 0.50 to state that the variables used in
this study are valid. The results of obtaining the AVE value
on each research variable shown in Table 3 are more than 0.50
in accordance with the provisions of Partial Least Square
(PLS). So, it can be concluded that all variables in the study
are valid.

The reliability of a construct or variable can be done by
looking at the Cronbach alpha value and the composite
reliability value between 0.60 and 0.70. Meanwhile, more
than 0.70 is considered better. Based on the calculation
results, each research variable has a Cronbach alpha value and
a composite reliability value greater than 0.70. So, it can be
concluded that all variables in the study have good reliability
[34], [35].

The inner model is a structural model to predict the causal
relationship between variables through the bootstrapping
process, R-square parameters, t-count test parameters obtained

to predict the significance value of the research model. The
structural model is evaluated using R-square for the dependent
variable. Stone Geisser Q-Square test for predictive relevance
[34], [35]. The results of the R-square value for the dependent
variable obtained from data processing using PLS are
presented in Table 3 below.

Table 3. R-Square Value

R Square
Y1 0.951
Z1 0.089

The R-Square values of BI and UB are 0.951 and 0.089.
This means that the variables PE, EE, SI, FC, HM, PV, and H
have contributed to the BI variable by 95%. While the other
5% 1is influenced by other variables outside the model.
Meanwhile, 89% of PE, EE, SI, FC, HM, PV, H and BI
variables have contributed to the UB variable. And the other
11% is influenced by other variables outside the model.

Table 4. Goodness of Fit

Saturated Model
SRMR 0.088
d G 2.085
NFI 0.518

Based on Table 4, the SRMR value is used to evaluate the
level of model fit. An SRMR value of 0.088 indicates a good
model fit, as generally an SRMR value below 0.10 is
considered an adequate fit [36], [37]. The d_G value of 2.085
is the geodesic distance between the observed model and the
hypothesized model. If a smaller d_G value indicates a better
fit [36], [37]. The NFI value of 0.518 indicates the level of fit
of the model to the data. NFI values range between 0 and 1,
where values closer to 1 indicate a better fit. The value of
0.518 indicates that the model has a moderate fit. From these
results, it can be concluded that the model has a fairly good fit
based on the SRMR, but the NFI suggests that the model may
need to be refined to achieve a more optimal fit [38].

In the formation of the SEM model, there are 2
relationships, namely direct effect and indirect effect. The
direct relationship can be seen in Table 5.

Table 5. Hypotheses Testing for Direct Effect

Path Coef. V;lrl-ue V;;le Result
éll)(PE) ZYL 0320 10841 0.000 Significant
ézl)(EE) =YL 0134 5424 0000 Significant
zgl)(SI) “YL 0402 6122 0000 Significant
zgfl)(FC) “YL 0110 6063 0.000 Significant
ﬁ? B()FC) =ZL o 0107 1877 0061 g‘;ﬁliﬁcam
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Path Coef. T- P- Result Path Coef. T- P- Result
Value value value  value
X5 (HM)-> . X6 (PC)->Y1 L
Y1 (BI) 0.153 6.243 0.000 Significant (BI) -> Z1(UB) 0.117 4.103 0.000 Significant
X6 (PV)-> Y1 . X7 (H) > Y1 (BI) N
(BI) 0.340 9.442 0.000 Significant > 71 (UB) 0.042 3.474 0.001 Significant
X7 (H)-> Y1 .
(BD) 0.123 7.395 0.000  Significant From Table 6, it can be seen that PE significantly affects
X7 (H) > Z1 0.020 03 0.70 Not UB through increasing BI. EE also has a significant indirect
(UB) ' 3770707 Significant effect on UB through BI. SI significantly affects UB through
Y1 (BI)->2Z71 L BI, although with a smaller effect than other variables. FC also
(UB) 0.344 4371 0.000 Significant shows a significant indirect relationship through BI to UB.

In HI, the PE variable has a significant positive effect on
BI. The positive effect is 0.329 with a T-value of 10.841 (p-
value 0.000). In H2, the EE variable has a significant positive
effect on BI. The positive effect is 0.134 with a T-value of
5.424 (p-value 0.000). In H3, SI variable has a significant
positive effect on BI. The positive effect is 0.102 with a T-
value of 6.122 (p-value 0.000), which shows a significant
relationship. In H4, the FC variable has a significant positive
effect on BI. The positive effect is 0.110 with a T-value of
6.063 (p-value 0.000), positively significant. In HS, the HM
variable has a significant positive effect on BI. The positive
effect is 0.153 with a T-value of 6.243 (p-value 0.000),
positively significant. In H6, the PV variable has a significant
positive effect on BI. The largest positive effect is 0.340 with
a T-value 0f 9.442 (p-value 0.000), significant. In H7, variable
H has a significant positive effect on BI. The positive effect
of 0.123 with a T-value of 7.395 (p-value 0.000), also
significant. In H8, the BI variable has a significant positive
effect on UB. The positive effect of 0.344 with a T-value of
4.371 (p-value 0.000), is significant. In H9, the FC variable
has no significant effect on UB. The negative effect is -0.107
with a T-value of 1.877 (p-value 0.061). This relationship is
not significant (p-value > 0.05). In H10, variable H has no
significant effect on UB. The small positive effect of 0.020
with a T-value of 0.377 (p-value 0.707), is not significant (p-
value > 0.05). From this it can be concluded, most direct
effects are significant (p-value < 0.05), except Facilitating
Conditions (FC) and habist (H) on BI.

Table 6. Hypotheses Testing for Indirect Effect

Path Coef. b L Result
value value

X1 (PE) > Y1 .
(BI) > Z1 (UB) 0.113 3.771 0.000 Significant
X2 (EE) -> Y1 .
(BI) -> Z1 (UB) 0.046 3.761 0.000 Significant
X3 (SI)->Y1 ..
(BI)-> Z1 (UB) 0.035 3.279 0.001 Significant
X4 (FC) ->
Y1(BI) ->Z1 0.038 3.502 0.001 Significant
(UB)
X5 (HM)->
Y1(BI) ->Z1 0.053 3.534 0.000 Significant
(UB)

HM has a greater significant effect through BI on UB. PC
showed the greatest indirect effect on UB through BI,
indicating the importance of price value on users' behavioural
intentions. H also showed a significant relationship through
BI to UB. So it can be concluded, all indirect relationships
between the independent variables and the dependent variable
(UB) through the mediator (BI) show significant results (P-
value <0.05). This means that variables such as Performance
Expectancy (PE), Effort Expectancy (EE), and others
influence usage behaviour (UB) significantly through
behavioural intention (BI).

A. HI: PE has a significant positive effect on BI

The Merdeka Mengajar application shows that PE has a
significant positive effect on BI. Similar things are also seen
in research on other digital applications using UTAUT,
including educational technology adoption studies. Other
studies focusing on e-learning systems also emphasize that PE
positively influences users' behavioral intentions, supporting
the hypothesis that individuals are more likely to use
technology when they believe it is useful for improving their
job performance [39]. For Merdeka Mengajar application, PE
is also important in improving teachers' perceptions of the
usefulness of this technology in supporting the learning
process. PE plays an important role because this application is
designed to help teachers prepare learning materials more
efficiently, provide resources that can be accessed at any time,
and enable teachers to improve their teaching performance.

B. H2: EE has a significant positive effect on BI

Merdeka Mengajar is designed to provide easy access to
materials, training, and learning tools that facilitate teachers'
teaching tasks. If teachers find this application easy to
understand and use, they tend to have a stronger intention to
use it actively. This effect shows that if users feel that a
technology is easy to use (high EE), they are more likely to
have the intention to use it sustainably (BI).

In the context of m-commerce applications in Libya, it was
found that EE has a significant effect on BI in application
adoption, which strengthens the argument that perceived ease
of use increases users' intention to adopt the technology. The
study supports that EE has an indirect effect on Use Behaviour
through BI, which is highly relevant in the context of
Education technology adoption [40]. In the case of Merdeka
Mengajar application, the ease of use of this platform may
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contribute to an increase in teachers' intention to utilise the
technology in learning.

C. H3: SI has a significant positive effect on BI

In the context of educational technology use, SI
significantly influences BI. Previous research shows that
factors such as support from the social environment, influence
from respected groups or individuals, as well as perceptions
about the technology used can increase a person's behavioural
intention to use a particular technology. [41]. Merdeka
Mengajar application implemented in the Indonesian
education context also allows teachers and students to interact
with new educational technologies. Support from colleagues,
school administrators, and the wider education community
can encourage teachers to adopt these technologies more
quickly and efficiently. In the case of Merdeka Mengajar, SI
plays an important role because the support provided by
education authorities or peers who have mastered the
technology can motivate other teachers to participate in using
it in the learning process.

D. H4: FC has a significant positive effect on BI

FC has a significant influence on BI in using applications
such as Merdeka Mengajar. FC in this context includes
technical support, infrastructure, and accessibility that
influence users' decisions to use technology. Research results
show that FC has a significant influence on BI in the use of
various digital technologies, including online and mobile
learning applications. For example, one study found that
facilitating conditions, such as technological support and
resource availability, significantly influence BI in the use of
online learning platforms in Indonesia [42]. Other studies
have shown similar results in the context of mobile health
apps, where FC has a significant influence on BI [39].
However, it is also important to note that FC may not always
be sufficient in the absence of internal motivation or perceived
usefulness from users.

For users of Merdeka Mengajar application, FC can play a
major role in increasing BI because adequate technological
support and resources will make it easier for teachers to use
the application in the teaching and learning process. FC plays
an important role because the availability of infrastructure and
technological support will increase the teacher's intention to
use the application, which then has an impact on the use of the
application in daily learning. This suggests that teachers who
perceive good technology support will be more likely to use
the app in their teaching activities.

E. HS5: HM has a significant positive effect on BI

In the context of Merdeka Mengajar application, HM or
pleasure motivation plays an important role in BI. HM
describes the extent to which the pleasure or satisfaction a
person feels when using the application affects their intention
to use it. Several studies have shown that HM has a significant
effect on BI, which in turn affects UB. For example, in a study
on the adoption of technology-based learning apps, it was
found that HM increases the desire to use the app as users feel
excited or interested in the features and content presented.

This then encourages them to actually use it in their daily
activities. [43], [44], [45]. In Merdeka Mengajar application,
if teachers find the application fun, interactive, and easy to
use, they tend to have a greater intention to continue using it.
This motivation can be a key factor in increasing widespread
adoption and use of the application.

F. H6: PV has a significant positive effect on BI

In the context of Merdeka Mengajar application, price
value can be a factor influencing BI. PV refers to users'
perceptions of the benefits they get compared to the costs they
incur to use the application. Previous research shows that PV
has an effect on usage intention in various technologies,
especially when users feel that the costs involved, such as time
and effort invested, are commensurate with the benefits
gained from the technology. For example, in the context of
educational apps, if users feel that the app offers significant
benefits for learning and teaching without excessive costs,
then they are likely to have a higher intention to use it [43].

In the Merdeka Mengajar application, if teachers feel that
this application provides easy and free access to relevant
learning resources, and improves their performance, helps
them manage teaching materials or interact with students
more effectively, without requiring large additional costs for
devices or internet connections, this positive perception of
price value can increase usage intentions. This intention will
then encourage them to actively use the application in the
teaching-learning process, facilitating wider use. Studies on
UTAUT?2 also support that PV significantly influences BI,
which in turn impacts usage behavior in various technology
contexts, including educational technology-based learning
[43], [45], [46].

G. H7: H has a significant positive effect on BI

In analysing users of Merdeka Mengajar application,
research related to habits (H) shows that habits have a
significant influence on BI. Users' habits in using learning
technology repeatedly can form automatic usage patterns that
lead to an increase in the intensity of application use. The
results of this study are reinforced by other studies using the
UTAUT?2 model, which show that habits have a significant
impact on BI and the use of educational technology, especially
in the context of online learning. This factor is important
because applications such as Merdeka Mengajar facilitate
easy access to digital teaching tools, which help teachers
prepare materials and manage classes more effectively [45],
[47]. Thus, habit (H) plays a key role in directing the
behaviour of educational technology users as repeated
experiences create a sense of comfort and familiarity, which
in turn strengthens user intentions.

H. HS8: BI has a significant positive effect on UB

In using Merdeka Mengajar application, it shows that BI
has a significant effect on UB. In the context of applying
UTAUT?2, several studies show that BI has a positive
influence on UB, meaning that the stronger the user's intention
to use a technology, the more likely they are to actually use it.
For example, research applied to mobile banking technology
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found that intention to use (BI) has a significant impact on
usage behaviour (UB) in various situations [33], [48]. The
UTAUT2 model applied in other technologies, such as
educational applications, also shows a similar trend where
user intentions contribute directly to usage behaviour. In the
context of Merdeka Mengajar application, it can be assumed
that teachers who have a strong intention to use the application
due to perceived benefits, convenience, or social support, are
more likely to actually use it in their learning activities.

I. HO9: FC has not a Significant Effect on UB Directly

In this study, it was found that the condition of FC
facilities can significantly affect BI or behavioural intentions,
but its impact on direct use behaviour of UB was not always
significant for users of Merdeka Mengajar application. This is
because FC may not have a significant direct effect on UB due
to other factors such as technical support or adequate device
availability which may not be enough to encourage direct user
behaviour in the absence of strong intentions. This statement
is reinforced by research on factors affecting interactions
between students on online learning platforms, which also
shows that FC affects BI, but does not have a significant direct
effect on UB. [49]. In addition, in the context of mobile
learning, research shows that FC plays a role in supporting
technology use intentions, but does not necessarily have a
direct effect on the use of the technology itself if the user has
not fully developed a habit or comfort with using the
technology [50]. This result is relevant in Merdeka Mengajar
applications where technological support such as internet
access and hardware are important, but not necessarily enough
to directly drive users without internal motivation such as
perceived usefulness or interest in the technology.

J. H10: H has not a Significant Effect on UB Directly

However, in this study of Merdeka Mengajar users
resulting in the use of technology, it shows that H has a
significant effect on UB through BI, but shows that the effect
of H on UB is not significant directly. As previous research
has found that H has an effect on user behavioural intentions
but does not always have a direct effect on use behaviour (UB)
in situations where users are unfamiliar with certain
technologies [51], [52], [53]. Previous studies indicate that
habit has a significant influence on BI in various technology
contexts, especially when users already have sufficient
experience with the technology.

However, in the context of new technologies such as
Merdeka Mengajar App, the influence of habit on BI or UB
may not be significant, because users have not used the
application long enough to form strong habits. Some studies
also suggest that habit may not yet play an important role in
the early adoption phase, but will be more relevant after the
technology is more widely used [46], [54]. This takes time to
develop, especially in educational settings, where technology
adoption can be affected by various external factors, such as
technical support or device availability.

IV. CONCLUSION AND FUTURE WORKS

From the results of this study, it can be concluded that
performance expectancy, effort expectancy, social influence,
facilitating conditions, hedonic motivation, price value and
habit affect use behavior through behavioral intention.
However, facilitating conditions and habit do not have a
significant effect directly on use behavior. Judging from the
facilitating conditions variable for users of the Merdeka
Mengajar application, technological support such as internet
access and hardware is important, but not necessarily enough
to encourage users directly without internal motivation such as
perceived usefulness or interest in the technology. Meanwhile,
when viewed from the habit variable, according to users, the
Merdeka Mengajar application is a new technology. Thus,
users may need further adaptation and support before
significantly influencing usage behavior.

For future research, other factors that affect facilitating
conditions can be explored. Although facilitating conditions
(such as internet access and hardware) are important in using
Merdeka Mengajar, the results show that this factor does not
have a significant effect directly on use behavior. Therefore,
future research can explore other factors that might mediate the
relationship between facilitating conditions and use behavior.
For example, how user perceptions of application usability or
technical support from the developer can strengthen the
influence of facilitating conditions on use behavior. Second,
considering that Merdeka Mengajar application is a new
technology, the habit variable has not had a significant effect
on use behavior. Future research can focus on the process of
user adaptation to new technology. For example, longitudinal
studies can be conducted to see how habits develop over time
and how habits affect long-term use after users are more
familiar with the application.
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